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Predicting distribution pattern of Bemisia tabaci G. (Hem.: Aleyrodidae) by Hybrid
neural network With Particle Swarm Optimization Algorithm
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Table 1. Calculated Parameter of PSO Algorithm

Parameters Value
Population size 100
Number of generations 2000
Learning factor 1.5
Weight inertia 0.5
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Table 2. Statistical comparisons between the observed and estimated weed density by MLP neural networks

Sampling date Utilization Comparisons of Comparisons of Comparisons of
phase means variance distribution
10.04.2017 Training 0.898 0.883 0.79
Test 0.978 0.877 0.62
17.04.2017 Training 0.614 0.906 0.84
Test 0.994 0.999 0.99
24.04.2017 Training 0.762 0.993 1.00
Test 0.997 1.00 1.00
1.05.2017 Training 0.809 0.999 1.00
Test 0.996 1.00 1.00
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Table 3- Linear regression relationship and coefficient of determination between dv (actual value) and pv
(predicted value by model)

Sampling date Network Utilization phase Linear regression R?
relationship

10.04.2017 Training Phase pv=0.8601 av +0.012 0/8999
Test Phase pv=10.821 dv +0.019 0/8001

17.04.2017 Training Phase pv=0.9523 av +0.0101 0.9457
Test Phase pv=0.8711 dv +0.0139 0.890

24.04.2017 Training Phase pv=0.9896 av +0.0326 0.9701
Test Phase pv=0.9429 av +0.0100 0.9653

1.05.2017 Training Phase pv=10.9921 av +0.0084 0.9901
Test Phase pv=10.9120 av +0.0099 0.9415
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Fig. 3. Distribution of B. tabaci in different stages of sampling
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